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[ Abstract ]

science and technology. Al can play an important role in diagnosis, treatment and management of diseases. Early detection,

In recent years, the application of artificial intelligence ( AT) in medical field has become a hot spot in modern

diagnosis and treatment of cancer can be achieved through cancer screening. Currently, cancer screening is usually with high
false-positive rate, and there is no universally recognized screening guidelines. Al can improve the early diagnosis rate, ac-
curacy and sensitivity of cancer screening through techniques such as computer-aided diagnosis. This article reviews the pro-
gress of research on Al for high-risk cancer screening.
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